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Abstract
As big data, machine learning, and automated analytics increasingly enter the field of criminal justice, algo-
rithmic evidence has become a frontier issue in Chinese evidence scholarship. Existing studies mainly revolve 
around two closely related questions. The first is whether algorithmic evidence should be accommodated with-
in existing statutory categories of evidence, such as electronic data, appraisal opinions, and specialized-issue 
reports, or instead be understood as an independent new form of evidence. The second is how algorithmic 
evidence should be distinguished from adjacent concepts, including electronic data, big-data evidence, AI evi-
dence, and scientific or expert evidence. A systematic review of representative Chinese scholarship shows that 
existing research has already revealed, with considerable clarity, the technical dependence, derivative charac-
ter, professional complexity, and black-box risks of algorithmic evidence, but has not yet established a stable 
connection between conceptual characterization and rule construction. This article argues that neither sub-
suming algorithmic evidence wholesale under any single existing evidentiary category nor simply declaring 
it a new independent category can adequately capture its normative complexity. A more persuasive approach 
is to understand algorithmic evidence as a two-tier structure composed of a raw-data layer and an algorith-
mic-conclusion layer. This framework better explains the principal disagreements in the existing literature and 
helps clarify the relationship between algorithmic evidence and related concepts. On that basis, future research 
should move beyond disputes over labels and focus instead on the systematic design of review rules, particu-
larly with respect to admissibility, reliability, explainability, modes of challenge, and procedural safeguards.
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1 Introduction

Digital technologies are reshaping the way facts are established in criminal proceedings. In handling com-
plex cybercrime, financial crime, and other data-intensive cases, investigative, prosecutorial, and adjudicative 
authorities increasingly rely on algorithm-centered analytical tools to filter and correlate massive volumes of 
data and then introduce the resulting reports, identification results, or risk assessments into the litigation pro-
cess. Against this backdrop, scholars have gradually adopted the term “algorithmic evidence” to describe mate-
rials generated through algorithmic processing of raw data and used to prove facts in a case. Facial-recognition 
matching results and social recidivism risk assessments alike reflect the deep involvement of algorithms in the 
formation of evidence.
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Algorithmic evidence has generated sustained controversy not merely because the term itself is novel, but 
because it directly challenges a Chinese evidentiary system whose basic framework is built around statutory 
categories of evidence. Traditional electronic data usually takes the form of digital traces generated natural-
ly during the occurrence of an event and later extracted and preserved. By contrast, algorithmic evidence is 
often produced only after raw data has been preprocessed, features have been extracted, models have been 
run, and outputs have been generated. Its probative content therefore does not simply mirror the underlying 
traces themselves; it also contains a distinctly analytical and judgment-laden element. For that reason, algo-
rithmic evidence is neither the same as ordinary static electronic data nor necessarily equivalent to opinion 
evidence produced by a natural person. How it is legally characterized has direct implications for the rules 
governing collection, preservation, challenge, and evaluation.

Chinese scholarship has already generated a relatively rich body of discussion on the legal character-
ization of algorithmic evidence and its relationship to adjacent concepts. Yet the existing literature still 
displays two conspicuous features. First, debate over the category to which algorithmic evidence belongs 
is far more developed than analysis of specific review rules. Second, adjacent concepts are often used inter-
changeably, causing the object of analysis to shift from one discussion to another. Against this background, 
this article draws on representative Chinese scholarship to examine the principal theories concerning the 
legal characterization of algorithmic evidence and its relationship to electronic data, big-data evidence, AI 
evidence, and scientific evidence.

2 Literature Review

Domestic research on algorithmic evidence has, on the whole, evolved from discussions of “big-data evi-
dence,” to “algorithmic evidence,” and more recently to “AI evidence.” Early debates centered on big-data 
investigation and big-data proof, focusing on how massive volumes of data, once technically processed, 
could become new evidentiary resources. As machine learning, automated modeling, and predictive analyt-
ics have been used more frequently in judicial settings, an increasing number of scholars have recognized 
that the label “big data” tends to obscure the decisive role played by algorithmic models and technical rules 
in the formation of evidence. As a result, “algorithmic evidence” has gradually become the more precise 
analytical concept.

At the same time, some scholars, from the perspective of AI applications in the justice system, have pro-
posed concepts such as “AI evidence” or “machine opinion.” This line of analysis places greater emphasis 
on machine-generated conclusions and technological black boxes, and therefore resonates more strongly 
with foreign debates over automated decision-making, explainability, and the governance of high-risk mod-
els. Although the terminology varies, most studies now share a basic consensus: such materials rest on elec-
tronic data as their material basis, rely on algorithmic processing as their mode of production, and use prob-
abilistic inference or model-based computation as their mode of proof. The associated risks are not confined 
to the authenticity of the data, but also include model reliability, training-sample bias, parameter settings, 
opacity, and difficulties in adversarial challenge.

Although the existing literature has identified the risks of algorithmic evidence with considerable rich-
ness, it has not established a stable correspondence between conceptual characterization and rule design. 
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Some studies focus on the question of which statutory evidentiary category algorithmic evidence belongs 
to, whereas others seek to bypass classification disputes and move directly to rules of control. The former 
approach helps clarify basic categories, but can leave discussion at the level of concepts; the latter responds 
to practical institutional needs, but may lose explanatory force if it is not anchored in doctrinal analysis. 
Further clarification of the legal characterization of algorithmic evidence and its relationship to related con-
cepts therefore remains necessary.

3 The Legal Characterization of Algorithmic Evidence

3.1 Embedded Approaches within Existing Evidentiary Categories

The prevailing approach in Chinese scholarship is to incorporate algorithmic evidence into the existing 
statutory categories of evidence. On this view, algorithmic evidence should be accommodated within the 
current evidentiary framework rather than recognized as a new evidentiary category. The differences among 
the various strands of this incorporation approach do not lie in whether algorithmic evidence is considered 
distinctive, but in the criterion used for classification - whether emphasis is placed on its external form, its 
mode of production, or its evidentiary function. Precisely because these classificatory criteria differ, studies 
that all fall within the incorporation approach nonetheless point toward markedly different models of doctri-
nal treatment and procedural regulation.

3.1.1 The appraisal-opinion approach

The appraisal-opinion approach emphasizes the professional, scientific, and technologically complex 
character of algorithmic evidence. Ordinary judges and parties cannot, on common sense alone, understand 
either the process by which such evidence is generated or the meaning of the conclusions it yields; for that 
reason, its probative function is said to be closest to an appraisal opinion. The strength of this approach is 
that it allows the existing framework for reviewing expert opinion evidence to be brought to bear in a rel-
atively natural way. In particular, the dual-track model of “electronic data plus appraisal opinion” further 
distinguishes between the stage of raw-data collection and the stage of model operation and output, thereby 
permitting electronic-data rules to govern the former and appraisal-opinion rules to govern the latter.

Yet the appraisal-opinion approach cannot fully resolve the institutional difficulties posed by algorithmic 
evidence. First, the current judicial appraisal system in China is highly formalized and institutionally struc-
tured, whereas algorithms used in big-data investigations and platform governance are often controlled in 
advance by investigative authorities or private technology companies. Such arrangements do not satisfy 
the traditional requirement of neutrality and may not fit within the existing catalogue of judicial apprais-
als. Second, the paradigm case of an appraisal opinion remains a judgment rendered by a natural-person 
expert through professional knowledge, while the decisive judgment in algorithmic evidence often comes 
from the operation of the model itself, with the human expert doing no more than explain or endorse the 
machine-generated conclusion. Third, treating algorithmic evidence as appraisal opinion in its entirety may 
obscure issues concerning the source, extraction, and chain of custody of the raw data, and thereby shift the 
focus of review too far downstream to the conclusion alone. The appraisal-opinion approach is thus illumi-
nating, but better understood as a partial reference point than as a complete classificatory solution.
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3.1.2 The electronic-data approach

The electronic-data approach is another influential view. Starting from the medium and form of presen-
tation, it argues that algorithmic evidence exists in digital form, relies on electronic data as its underlying 
material, and is stored and output through electronic media; accordingly, it should still be classified, in for-
mal evidentiary terms, as electronic data. The practical attraction of this position is obvious. If algorithmic 
evidence is treated as a special form of electronic data, then investigation, extraction, sealing, transfer, and 
review can all proceed within the existing rules on electronic data. That both reduces institutional costs and 
avoids further expansion of the system of statutory evidentiary categories.

But the difficulties of this approach are equally clear. Electronic data normally refers to the digital record-
ing of objective activities, whereas algorithmic evidence is not a mere record; it is the product of filtering, 
correlation, modeling, and inference. In other words, the raw-data layer may indeed fall within electronic 
data, but the outputs of the model - identification results, risk scores, and relational judgments - are no lon-
ger simple “traces.” They are machine-generated conclusions with a distinctly opinion-like character. If one 
reviews them solely through the lens of authenticity applicable to electronic data, one risks overlooking 
decisive issues such as model selection, training samples, threshold settings, error rates, and bias control. 
The electronic-data approach is therefore more persuasive as an account of the foundational material layer 
of algorithmic evidence than of its conclusion layer.

3.1.3 The approach of specialized-issue reports

The specialized-issue-report approach draws on Article 100 of the Supreme People’s Court’s Interpreta-
tion on the Application of the Criminal Procedure Law and argues that algorithmic evidence can be treated 
as a report produced by a person with specialized knowledge on a specialized issue. Rather than insisting 
that algorithmic evidence must map neatly onto one traditional evidentiary category, this view searches for 
an existing procedural interface in positive law. Algorithmic evidence typically does not enter court in the 
form of raw data alone; it is more often submitted as an analytical report or written opinion, and its evi-
dentiary force commonly depends on technical personnel explaining the source of the data, the logic of the 
model, and the meaning of the output. In that respect, algorithmic evidence bears a relatively strong struc-
tural resemblance to specialized-issue reports.

This approach, however, also has limits. Specialized-issue reports focus on whether a “person with spe-
cialized knowledge” can adequately explain the issue in question, whereas the central risk of algorithmic 
evidence often lies not in the adequacy of the explanation, but in the reliability of the model itself. If algo-
rithmic evidence is fully absorbed into the category of specialized-issue reports, review may continue to 
focus on the explainer rather than on the algorithmic system and the training data. Put differently, this ap-
proach provides a procedural channel through which algorithmic evidence may enter litigation, but it does 
not necessarily exhaust the full range of its evidentiary attributes.

3.1.4 The physical-evidence approach

The physical-evidence approach maintains that algorithmic evidence may, under certain conditions, be 
understood as a special form of physical evidence. On this view, large datasets and analytical reports both 
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possess an objectively existing external form and can be preserved and presented through electronic me-
dia, written text, or other fixed means. They therefore do not necessarily belong to the category of opinion 
evidence centered on human judgment. Especially where the relevant datasets, analytical processes, and 
outputs can be repeatedly retrieved and displayed, algorithmic evidence appears closer to an objectively as-
certainable evidentiary material than to a conclusion resting solely on the subjective judgment of an expert.

The significance of this view lies in its attempt to move beyond the reflex that any technically complex 
material must be classified as an appraisal opinion. It highlights the fact that part of algorithmic evidence 
does indeed take the form of objectively existing data and computational results. But the limits of the ap-
proach are equally clear. The core of physical evidence lies in its objectively existing state as such, whereas 
the principal risks associated with algorithmic evidence do not primarily stem from its external medium. 
They arise from technical intervention in data selection, model training, parameter setting, and inferential 
output. The fact that a conclusion can be repeatedly displayed is therefore not enough to determine its evi-
dentiary character; nor does a measure of reproducibility eliminate the judgmental and inferential compo-
nents embedded in it. The physical-evidence approach thus identifies an important material aspect of algo-
rithmic evidence, but cannot fully account for its legal characterization.

3.1.5 The classified-incorporation approach

The classified-incorporation approach does not attempt to subsume all forms of algorithmic evidence 
under a single evidentiary category. Instead, it proposes that different types of algorithmic evidence should 
be allocated to existing statutory categories according to their particular form of presentation and probative 
function. On this view, algorithmic evidence is not a unified object of a single legal nature; depending on 
the case, it may appear as electronic data, appraisal opinion, an inspection record, or some other form of ev-
identiary material. The approach is distinctly pragmatic. Its concern is not conceptual elegance, but preserv-
ing the stability of the current evidentiary system while minimizing the costs of institutional adjustment.

The advantage of this position lies in its explicit recognition of the heterogeneity of algorithmic evidence 
and its relative compatibility with the case-specific logic of judicial practice. Given the diversity of applica-
tion scenarios, output forms, and probative functions, this path indeed offers considerable operational flex-
ibility. Yet its limits are also evident. If classification depends entirely on external form in a particular case, 
functionally similar algorithmic conclusions may be assigned different legal characterizations across cases, 
undermining consistency in the application of rules. More fundamentally, while the classified-incorporation 
approach can explain how these materials might be distributed among existing categories, it has greater 
difficulty explaining why different forms of algorithmic material should be subject to different standards of 
review. For that reason, although the approach is practically flexible, it struggles to provide a stable theoret-
ical framework.

3.1.6 The investigative-experiment approach

The investigative-experiment approach argues that, in certain settings, algorithmic analysis reports may 
be analogized to records of investigative experiments. The rationale is that algorithmic systems often op-
erate by setting conditions, inputting data, and running a program to simulate, compare, or verify specific 
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factual relationships. In formal terms, this resembles the use of recreated conditions in an investigative ex-
periment to test the possibility of a factual proposition. Particularly in contexts such as trajectory analysis 
or behavioral reconstruction, algorithmic operation appears to perform a kind of technical verification, and 
some scholars have therefore attempted to place such materials within the normative framework governing 
investigative experiments.

The analogy, however, is incomplete. The essence of an investigative experiment lies in empirically 
testing a factual proposition by recreating the conditions under which the event occurred. Algorithmic ev-
idence, by contrast, more often filters, correlates, models, and infers on the basis of pre-existing data; its 
principal function is not to recreate facts, but to generate analytical conclusions. The two therefore differ in 
their mode of production, conditions of use, and procedural requirements. Treating algorithmic outputs as 
records of investigative experiments would blur the distinction between algorithmic inference and empirical 
verification, and would also risk obscuring the very issues that most urgently require scrutiny, such as mod-
el reliability, data bias, and system error. The investigative-experiment approach thus offers a suggestive 
analogy, but not a stable basis for classification.

3.1.7 A brief assessment of the embedded approaches

Taken as a whole, incorporation remains the dominant path through which Chinese scholarship under-
stands the legal characterization of algorithmic evidence. Whether in the form of the appraisal-opinion ap-
proach, the electronic-data approach, the specialized-issue-report approach, or the physical-evidence, classi-
fied-incorporation, and investigative-experiment approaches, their common feature is a reluctance to create 
a new evidentiary category and an effort instead to locate algorithmic evidence within the existing statutory 
framework. The theoretical significance of this path lies in its respect for the stability of the current system 
and in its attempt to make algorithmic evidence intelligible within an already familiar doctrinal structure.

At the same time, the disagreements among the various incorporation approaches also show that algo-
rithmic evidence is difficult to absorb fully into any single existing category. On the surface, the dispute 
concerns the standard of classification; in substance, it reflects the internal complexity of algorithmic evi-
dence itself. Some views emphasize its status as objectively existing data material, others its expert or judg-
ment-like character, and still others its external form and procedural interface in a specific case. The incor-
poration approaches therefore reveal the multiple affinities between algorithmic evidence and established 
evidentiary categories, but still struggle to respond fully to the particularities of its mode of generation and 
its associated risks. That difficulty provides the theoretical background against which the independent-evi-
dence approach, the evidence-method approach, and the two-tier account have developed.

3.2 Independent and semi-independent approaches

In contrast to incorporation approaches, the independent-evidence approach argues that algorithmic 
evidence has outgrown the interpretive capacity of existing statutory evidentiary categories and should 
therefore be recognized as a new category of evidence. This view accurately identifies the extent to which 
algorithmic evidence challenges the traditional taxonomy of proof and has helped spur debate over whether 
rules developed for established evidentiary categories remain suitable for emerging algorithmic materials.
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3.2.1 The independent-evidence approach

The independent-evidence approach maintains that algorithmic evidence can no longer be fully absorbed 
by the existing statutory categories of evidence and should therefore be recognized as an independent evi-
dentiary category. On this view, algorithmic evidence is neither a mere data record nor simply equivalent to 
a traditional appraisal opinion. Rather, it consists of machine-generated conclusions produced after data has 
been processed through a model. Its distinctiveness lies not only in its external form, but also in its mode of 
production and risk structure. For that reason, simply classifying it as electronic data or appraisal opinion 
often fails to capture the normative issues it raises.

The importance of this approach is that it identified at an early stage the limits of traditional evidentiary 
classification when confronted with algorithmic evidence, and it has pushed forward discussion of the need 
for institutional adjustment. Its difficulties, however, are equally obvious. China’s statutory categories of 
evidence possess a high degree of stability, and the creation of a new category would likely increase uncer-
tainty in application. More importantly, even if algorithmic evidence were recognized as an independent 
category, the differences among raw data, model explanations, and output conclusions would still require 
further treatment. The boundaries between this new category and existing rules governing electronic data 
or appraisal opinions, as well as the standards for admissibility and reliability review, would also remain to 
be worked out. The independent-evidence approach thus sharpens the problem, but does not yet amount, by 
itself, to a mature institutional solution.

3.2.2 The evidence-method approach

The evidence-method approach does not advocate immediately establishing algorithmic evidence as a 
new category of evidence. Instead, it treats algorithmic evidence as a distinctive method of proof. On this 
view, what is most significant about algorithmic evidence is not simply the final report or conclusion that is 
presented in court, but the data-processing process that lies behind it. In other words, the distinctiveness of 
algorithmic evidence lies first in how it is formed rather than in the category to which it belongs. From this 
perspective, database matching, trajectory collision analysis, pattern recognition, and probabilistic analy-
sis generated by algorithms can all be understood as technical methods of organizing and presenting facts, 
without having to be fixed at the outset within a specific statutory evidentiary category.

The strength of this approach is that it shifts the focus of analysis from conceptual classification to modes 
of production and rule-based control, making it easier to connect the discussion to issues such as reliability 
review, duties of explanation, and guarantees of adversarial challenge. But its shortcomings are also sub-
stantial. Chinese evidence law still uses evidentiary categories as an important normative foundation. If one 
emphasizes only the “method” dimension without explaining the place of algorithmic evidence within the 
existing system, the doctrinal basis of the analysis becomes fragile. Moreover, algorithmic outputs them-
selves enter the proceedings as evidentiary material; describing them solely as “methods” is therefore insuf-
ficient to explain their full legal character. An exclusive focus on method may also overconcentrate norma-
tive attention on the technical process while neglecting the problems of tendering, challenge, and evaluation 
that arise once algorithmic output appears in court as an independent piece of proof. The evidence-method 
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approach is therefore useful in illuminating the logic of formation of algorithmic evidence, but cannot by 
itself complete its evidentiary characterization.

3.2.3 The judicial-control approach and other related views

Beyond these two approaches, some scholars place greater emphasis on judicial control of algorithmic 
evidence and are less concerned with its final conceptual label. On this view, rather than debating whether 
algorithmic evidence should become an independent evidentiary category, it is more important to build 
rules aimed at the sources of risk themselves, such as duties of explanation, disclosure of data sources, 
mechanisms of reviewability, and guarantees of challenge. Following this line of thought, some scholars ar-
gue for stronger algorithmic explanation, technical disclosure, and procedural participation in order to limit 
the expansion of technological black boxes within litigation; others stress the need to rely on persons with 
specialized knowledge, expert assistants, or external technical auditing to compensate for the comparative 
lack of technical understanding on the part of judges and litigants.

The practical significance of this approach lies in the fact that it redirects scholarship from conceptual 
debate to rule-based response and insists that the problem of algorithmic evidence must ultimately be ad-
dressed through review mechanisms and procedural safeguards. Yet if legal characterization and adjacent 
conceptual distinctions are entirely bypassed, rule design may lose its doctrinal foundation. Authenticity, 
reliability, explainability, and the mode of adversarial challenge are not isolated review issues; they can be 
developed in a coherent way only after a basic judgment has been made about the nature of the evidentiary 
material in question. Unless one clarifies what kind of proof algorithmic evidence is, and which internal 
dimensions of it require separate treatment, “judicial control” risks remaining at the level of general exhor-
tation rather than maturing into a layered and systematic body of rules.

3.3 The explanatory force of a two-tier structure

Overall, Chinese scholarship has gradually moved from attempts at single-category classification toward 
a more structured understanding of the legal characterization of algorithmic evidence. On the one hand, 
incorporation approaches remain dominant and seek to locate algorithmic evidence within the existing stat-
utory framework. On the other hand, the independent-evidence approach, the evidence-method approach, 
and the judicial-control approach all expose the limits of that traditional classificatory framework. Although 
these positions differ in path, they all indicate that algorithmic evidence is not a homogeneous whole. In 
light of the foregoing scholarship, its legal characterization cannot be adequately captured by any single 
evidentiary category. The raw-data layer and the algorithmic-conclusion layer differ in both their mode of 
formation and the risks they present. A two-tier account of algorithmic evidence as a composite evidentiary 
phenomenon therefore has greater explanatory force than any model of single-category classification.

4 The Relationship Between Algorithmic Evidence and Adjacent 
Concepts

4.1 Algorithmic evidence and electronic data
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Algorithmic evidence is most closely related to, and most easily confused with, electronic data. Raw data, 
log records, communication traces, and platform traces constitute the foundational materials from which 
algorithmic evidence is generated. In terms of the process of formation, electronic data comes first, while 
algorithmic evidence is the result of processing and analyzing that data. The relationship between the two 
is therefore one between foundational material and analytical conclusion. Algorithmic evidence does not 
exist independently of electronic data: temporally, it presupposes electronic data, and materially, it remains 
grounded in data traces generated within electronic environments.

That close relationship does not mean that the two can be equated. Review of electronic data focuses 
primarily on authenticity, integrity, and relevance to the fact to be proved. Algorithmic evidence inherits 
those concerns, but also raises additional issues of model reliability, comprehensibility of conclusions, and 
the possibility of effective challenge. Electronic-data rules may therefore serve as the point of entry for 
algorithmic evidence into litigation, but they do not exhaust the review that algorithmic evidence requires. 
A court may be able to determine whether the underlying data has been tampered with and whether its 
source is clear, yet still be unable to answer deeper questions such as why the model produced a particular 
judgment, whether the training sample was biased, or whether the output is genuinely open to refutation. 
Electronic data and algorithmic evidence are thus closely related, but they cannot be treated as the same 
normative object within evidence law.

4.2 Algorithmic evidence and big-data evidence

The relationship between algorithmic evidence and big-data evidence is better understood as a shift in 
the focus of research than as a fundamental change in the object of inquiry. Big-data evidence emphasizes 
massive volumes of data and the mining of correlations, asking how data can become a resource for proof. 
Algorithmic evidence, by contrast, focuses on algorithmic models and computational logic and asks how 
machines form conclusions on the basis of data. The two overlap extensively in object, but they embody 
different problematics. The former is more concerned with how data resources enter the process of proof; 
the latter with how machines generate evidentiary conclusions from those data.

In the current context, “algorithmic evidence” better captures the central point of controversy than 
“big-data evidence.” The risk to proof does not arise simply from the scale of the data, but from the medi-
ating role played by algorithms in data processing and conclusion formation. One should not therefore treat 
algorithmic evidence as merely another name for big-data evidence. As scholarship has developed, it has 
become increasingly clear that the real source of review difficulties is not the sheer fact that there is a great 
deal of data, but how algorithms filter, model, correlate, and infer within those large datasets to produce 
machine-generated conclusions with evidentiary significance. The movement from “big-data evidence” to 
“algorithmic evidence” is thus not a mere change in terminology, but a shift in analytical focus from data 
resources to mechanisms of proof.

4.3 Algorithmic evidence and AI evidence

The relationship between algorithmic evidence and AI evidence has become a particularly contested issue 
in recent years. AI evidence usually emphasizes machine-generated conclusions and is therefore more read-
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ily associated with complex models such as deep learning. Algorithmic evidence, by contrast, does not pre-
suppose that the relevant technology has reached the level of “intelligence.” Its scope is broader: it includes 
outputs generated by rule-based and statistical models as well as those produced by machine-learning sys-
tems. AI evidence therefore highlights risk more sharply, whereas algorithmic evidence functions better as 
an umbrella concept. Distinguishing the two helps prevent all model outputs from being indiscriminately 
grouped under the label of artificial intelligence and preserves necessary distinctions among different levels 
of technical complexity.

From the standpoint of evidence law, it is safer to use “algorithmic evidence” as the general term. Not all 
model-generated results introduced into proceedings are outputs of AI systems in the strict sense, and the 
relevant issues of review can all be discussed within the framework of algorithmic evidence. Yet the con-
cept of AI evidence is not without value. It draws attention to differences in model complexity and degrees 
of black-box opacity, and thus offers useful guidance for the future development of differentiated review 
rules.

4.4 Algorithmic evidence and scientific or expert evidence

Algorithmic evidence bears an obvious affinity to scientific evidence and expert evidence. All three rely 
on specialized knowledge, technical methods, and complex inference, often extending beyond the everyday 
understanding of ordinary judges and litigants. All therefore require reliability review. In that sense, there is 
some force in treating the conclusion layer of algorithmic evidence as a new form of expert opinion.

At the same time, algorithmic evidence cannot simply be equated with traditional scientific or expert evi-
dence. Traditional scientific evidence focuses on the qualifications of the expert, the reliability of the meth-
od, and error rates. Algorithmic evidence must address those issues as well, but it must also confront the 
intelligibility and contestability of the underlying data, code, and model system itself. Algorithmic evidence 
is thus closely related to scientific evidence, yet still calls for more targeted rules of review built on, but ex-
tending beyond, the traditional framework.

5 Conclusion

A review of the major strands of Chinese scholarship on algorithmic evidence shows that the controversy 
appears, on the surface, to concern the allocation of algorithmic evidence to a particular evidentiary catego-
ry. In substance, however, it points to a single core question: when technology intervenes in the production 
of facts and the process of proof, how should the existing law of evidence reallocate objects of review and 
forms of procedural protection?

Overall, Chinese research on algorithmic evidence has moved from scattered discussion toward a more 
systematic body of analysis, but it still remains at a stage in which conceptual positioning and rule con-
struction pull against one another. The debates surrounding incorporation approaches - such as appraisal 
opinions, electronic data, and specialized-issue reports - as well as the independent-evidence approach and 
other newer theories, all converge on the composite character of algorithmic evidence. It rests on electronic 
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data as foundational material, while also generating machine-produced conclusions with a discernible opin-
ion-like quality through algorithmic processing. For that reason, neither an attempt to absorb algorithmic 
evidence entirely within a single existing evidentiary category nor a summary declaration of complete inde-
pendence can adequately respond to its normative complexity. A two-tier account, under which algorithmic 
evidence consists of a raw-data layer and an algorithmic-conclusion layer, better explains the principal 
disagreements in the existing literature and also helps clarify its relationship to neighboring concepts. On 
that basis, future research should not remain at the level of conceptual labels. It should instead turn toward 
the construction of review rules that coordinate admissibility, reliability, explainability, and procedural safe-
guards, and thereby develop an evidentiary framework capable of accommodating both technological logic 
and procedural justice.
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